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» 15,000 tokens are enough to build POS tagger since

performance stabilizes at that point. - v
» Why: embeddings distribution of 15K (from Curras) & W
shows coverage of all POS tags - the model has '

learned word patterns across all POS tags * Colored points are clusters of all words (56K) in the corpus.
Black points are those that are selected (15K) during learning.

a*%ft * More ambiguous tokens are more likely to be selected in
=2 AR training (dense area)
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